
7. Power Spectrum Analysis
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A white Gaussian noise process X(t) with autocorrelation 
function  RW ( ) = 0 ( ) is passed through the moving-
average filter

For the output Y(t), find the power spectral density SY (f ). 
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Discrete-Time Fourier Transform (DTFT)
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Example 7.3 : Calculate the DTFT H() of the order M1 moving-
average filter hn of Example 6.6.
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Power Spectral Density of a Random Sequence
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Theorem 7.3 : Discrete-Time Winer-Khintchine
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